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ABSTRACT

Aim To understand how vegetation mediates the interplay between fire and
climate. Specifically, we predict that neither the switching of climatic conditions to
high flammability nor the sensitivity of fire to such conditions are universal,
but rather depend on fuel (vegetation) structure, which in turn changes with
productivity.
Location An aridity/productivity gradient on the Iberian Peninsula (Mediterranean Basin).
Methods We defined 13 regions distributed along an aridity gradient, which thus
differ in productivity and fuel structure. We then assessed the changes in the
temporal fire–climate relationship across regions. Specifically, for each region we
estimated three variables: the aridity level for switching to flammable conditions
(i.e. climatic conditions conducive to fire), the frequency of these flammable conditions and the area burnt under such conditions. These variables were then related
to regional aridity and fuel structure indicators.
Results In mediterranean ecosystems, the aridity level for switching to flammable
conditions increased along the aridity gradient. Differences in fire activity between
regions were not explained by the frequency of flammable conditions but by the
sensitivity of fire to such conditions, which was higher in wetter and more productive regions.
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Main conclusions Under mediterranean climatic conditions, fuel structure is
more relevant in driving fire activity than the frequency of climatic conditions
conducive to fire. At a global scale, fuel also drives the fire–climate relationship
because it determines the climatic (aridity) threshold for switching to flammable
conditions. Our results emphasize the role of landscape structure in shaping
current and future fire–climate relationships at a regional scale, and suggest that
future changes in the fire regime (i.e. under global warming) might be different
from what it is predicted by climate alone.
Keywords
Climate, fire regime, flammability, landscape structure, productivity gradient,
Iberian Peninsula.

INTRODUCTION
Fire is a widespread process in the earth system (e.g., Krawchuk
& Moritz, 2011). It has been shaping ecosystems and influencing
global biogeochemical cycles since the origin of terrestrial vegetation (Bond et al., 2005; Bowman et al., 2009; Pausas & Keeley,
2009; Bond & Scott, 2010). Nevertheless, current changes in fire
regimes are having significant impacts on biodiversity and eco-
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system functioning (Cochrane, 2003; Lavorel et al., 2007). Consequently, there is increasing interest in disentangling the drivers
of fire regimes world-wide (e.g. Westerling et al., 2006; Marlon
et al., 2008; Krawchuk & Moritz, 2011) and implementing this
knowledge in predictive tools for environmental management
(Lavorel et al., 2007; Flannigan et al., 2009).
Climate controls fire regimes by acting on both fuel moisture
(direct effect) and fuel structure (indirect effect). While fuel
DOI: 10.1111/j.1466-8238.2012.00769.x
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Figure 1 Changes in fire activity and the relative roles of fire
drivers along the productivity gradient (modified from Pausas &
Bradstock, 2007). Examples of the location of some biomes along
the gradient are also provided (Rain, rainforest; Temp, temperate
broad-leaved; Sav, savannas; Med, mediterranean; Des, deserts).
In water-limited ecosystems (sensu Stephenson, 1990), the
productivity gradient is inversely related to the aridity gradient.
Notice that the availability of the two fire drivers (fuel structure
and flammable conditions) change in opposite directions along
the aridity gradient: the frequency of flammable conditions
increases towards the arid end of the gradient, while fuels
(represented in the fuel diagram by shaded squares) are more
abundant (darker) and less fragmented (closer) towards the
productive end of the gradient. The model was tested for
mediterranean ecosystems (dashed rectangle), which fall within
the arid portion of the gradient where drier regions are more
fuel-limited and less drought-driven than moister regions.

moisture determines plant flammability (availability to burn),
fuel structure refers to the amount and connectivity of burnable
resources. Specifically, fuel flammability and fire hazard increase
in dry and warm years (Flannigan & Harrington, 1988; Piñol
et al., 1998; Founda & Giannakopoulos, 2009); fire activity may
also increase when moist conditions precede the fire season by
promoting fuel build-up (Keeley, 2004; Pausas, 2004; Littell
et al., 2009; Archibald et al., 2010).
It has been proposed that the relative roles of both fuel structure and fuel flammability in determining fire activity change
along the global productivity gradient (Pausas & Bradstock,
2007; Fig. 1): in moist and productive regions, fuel is not a
limiting factor and fire activity is driven by the frequency with
which flammable conditions are attained (drought-driven fire

regimes); while in unproductive arid systems, fuel shortages
determine fire activity (fuel-limited fire regimes). Several studies
comparing regions with presumably contrasting productivity
provide some support for this hypothesis (Spessa et al., 2005;
Archibald et al., 2009; Littell et al., 2009), and recent findings add
further evidence on a global scale (Krawchuk & Moritz, 2011).
Although the frequency of reaching flammable conditions
depends primarily on climate, the specific conditions that make
vegetation highly flammable should be mediated by the fuel
structure. Fire spread depends basically on the balance between
the heat released by the flame and the energy needed for the
ignition of the surrounding fuel (Thomas et al., 1964). Because
the heat for ignition is proportional to the fuel moisture, it is
primarily related to weather conditions. However, the heat
transferred from the flame and the combustion zone changes
with fire intensity, which in turn depends on fuel structure and
composition (Rothermel, 1972). Therefore, in productive ecosystems, dense fuel packing allows even low-intensity fires to
spread easily, while sparse fuel in arid ecosystems requires drier
weather conditions for fire propagation. In fact, fires in tropical
rain forests occur under moister conditions than in other, drier,
systems (Cochrane, 2003). This suggests that fuel determines fire
activity, not only because it provides the resources for fire, but
also because it modulates fire–climate relationships (i.e. the climatic conditions needed to promote fires).
Our hypothesis is that fuel (i.e. vegetation and landscape structure) shapes the fire–climate relationship at a regional scale. We
predict that the climatic conditions that increase flammability, as
well as the sensitivity of fire to such conditions, are not universal,
but rather depend on fuel structure and thus change along the
aridity/productivity gradient. To assess these predictions, we
study the inter-annual variability of the fire–climate relationship
(temporal scale) along a productivity gradient (spatial scale)
under mediterranean conditions. Specifically, we analyse
whether the monthly aridity (intensity and frequency) determining fire activity depends on regional climate (productivity), and
thus on fuel structure (amount and connectivity), along a climatic gradient on the Iberian Peninsula. In this way, we explicitly
test the conceptual model proposed by Pausas & Bradstock
(2007) for a portion of the global productivity gradient (i.e.
mediterranean conditions) and provide the underlying mechanism driving this fire–climate model on a global scale (Fig. 1).
METHODS
Study area
The Iberian Peninsula (western Mediterranean Basin) provides
an excellent framework for evaluating our predictions because it
is a clear biogeographic unit with high environmental variability.
Climatic conditions range from dry mediterranean in the southeast to temperate in the north-west (Allué, 1990). This climatic
variability, combined with the lithological diversity of the area
(e.g. sandstone, limestone, granitic rocks and schist), provides a
wide range of productivity conditions in a single biogeographic
unit (Sánchez Palomares & Sánchez Serrano, 2000; see below).
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Annual AI

AET
FPP
Wildland area
Woodland area
Wildland + woodland
Fragmentation

AT

Anomaly in area burnt

R2

F

P

R2

F

P

c2

P

0.61
0.46
0.40
0.46
0.79
0.33

17.37
9.42
7.39
9.48
19.01
5.49

**
*
*
* (*)
***
*

0.55
0.46
0.49
0.40
0.81
0.40

13.56
9.20
10.36
7.26
20.74
7.27

** (**)
* (**)
** (ns)
*
***
*

17.47
23.33
10.91
4.48
16.67
4.70

*** (***)
*** (***)
*** (**)
* (*)
***
* (*)

Productivity and fuel indicators: annual actual evapotranspiration (AET; mm), forest potential productivity index (FPP; log-transformed), proportion of total area occupied by wildland (Wildland area),
proportion of wildland area covered by woodlands (Woodland area; tree canopy cover ⱖ 30%),
landscape fragmentation (Fragmentation; estimated as the mean distance between wildland patches;
m).
***P < 0.001; **P < 0.01; *P < 0.05; ns, non-significant.

The vegetation is dominated by a mosaic of shrublands and
low-stature forests that mostly burn in crown-fires (Keeley et al.,
2012). Currently, surface fires are rare and mainly restricted to
montane (sub-mediterranean) areas (Pausas et al., 2008).

Table 1 Summary of the linear
regressions relating fuel load/structure
indicators to the mean annual aridity
index (AI), the aridity threshold (AT; the
switch to high flammability) and the
standardized anomaly in area burnt for
months drier than the threshold
(log-transformed). For the latter, linear
mixed models were constructed. Positive
relations are shown in bold. When
significant spatial autocorrelation of the
residuals was detected (i.e. significant
Moran’s index; Table S6), the P-values of
the spatially corrected regression are
indicated in brackets.

(1968–2007). These data, and the mean monthly wind velocity
for 78 locations distributed throughout the study area, were
provided by the Spanish Meteorological Agency (AEMET).
Regions

Data sources
Fire data (1968–2007) were obtained from the Spanish Forest
Service and include the date, size and location (administrative
province) of each wildfire. The data cover the whole of Spain,
except for two regions (Basque Country and Navarra), which
were poorly represented in the database and thus excluded from
the analysis.
The CORINE land-cover map of Spain (CLC2000; Nunes de
Lima, 2005) was used to differentiate wildland (woodlands, shrublands, grasslands and agroforestry areas) from non-forested
areas (crops, beaches, non-vegetated rocky outcrops, urban
areas) and to analyse fuel cover and fragmentation statistics. As
an indicator of productivity, we considered the forest potential
productivity (FPP) map (1:1,000,000), which is based on Paterson’s climatic index of forest growth, modified according to
bedrock type (Sánchez Palomares & Sánchez Serrano, 2000).
Monthly actual and potential evapotranspiration (AET, PET)
for the period 1968–2007 were obtained from raster layers (grid
size 1 km2) generated by the Spanish government’s Environmental Bureau (available at: http://servicios2.marm.es/sia/
visualizacion/descargas/). The raw data (temperature and
precipitation) used to construct these layers came from more
than 5000 weather stations. PET layers were generated from
mean temperature data using the Thornthwaite method, and
then corrected to infer PET following the Penman–Monteith
method (Estrela Monreal et al., 1999). AET layers were obtained
by running the SIMPA hydrological model with precipitation
and PET data (Estrela Monreal et al., 1999).
To assess the relative climatic variability within and between
the studied regions (see below) we used temperature and precipitation records (obtained from 1866 and 2585 weather
stations, respectively) for the entire studied area and period
1076

To define environmentally homogeneous regions on the Iberian
Peninsula, we combined the available information with the main
Iberian river basins. Fire data (area burnt) were provided by
province, and some provinces fell into more than one river basin.
In these cases, provinces were assigned to the basin that covered
most of the province; if in doubt, climatic similarity was also
considered. We finally obtained 13 regions (mean ⫾ SD area:
38,342 ⫾ 24,964 km2) covering 82% of the Iberian Peninsula: 12
corresponding to the basin of an important river and one to an
archipelago (Balearic Islands; see general characteristics in
Tables S1 & S2 in the Supporting Information). The climate was
more homogeneous within than between regions (Table S3), and
thus these regions differed significantly in both productivity and
vegetation composition (Table S4). The average climatic conditions of these regions form an aridity gradient that is strongly
related to productivity and fuel structure (Tables 1 & S1). Despite
the long history of land use in the area (Blondel et al., 2010), the
current landscape fragmentation (i.e. the distance between wildland patches; see below) was not related to the mean population
density of the last decades (1976–2000), considering either the
active or the rural population (P > 0.1 in the generalized least
squares model corrected by the spatial correlation structure; data
provided by the National Statistics Institute of Spain, INE).
Therefore, landscape changes along the aridity gradient were
mostly related to environmental conditions.

Data analyses
Fuel
To obtain a general characterization of the fuel structure
(amount and connectivity) in each region, we considered the
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following parameters: FPP, proportion of wildland area (including all types of vegetation), proportion of woodland area (i.e.
vegetation with tree canopy cover ⱖ 30%, which represents the
patches with the highest fuel load), and distance between wildland patches (as a proxy for landscape fragmentation). For each
region, FPP was calculated as the average of the FPP indices for
all patches (forested and non-forested) within the region,
weighted by the corresponding patch area. Total wildland and
woodland areas were computed by adding up the corresponding
patch areas obtained from the CLC2000. Finally, distance
between forested patches (assuming the eight-neighbourhood
rule from the CLC2000 map) was computed as the distance to
the nearest neighbouring patch based on shortest edge-to-edge
distance, using fragstats (McGarigal et al., 2002). We used this
measure as it is directly related to fuel continuity across landscapes and thus to fire spread and activity; in fact, this index was
correlated with the aridity gradient (see below; Table 1). Other
indices of landscape fragmentation, like patch density or patch
size (e.g. Duncan & Schmalzer, 2004), were not correlated with
the aridity gradient (R2 = 0.04 and R2 = 0.11 respectively; P < 0.1
in both cases) and thus they were excluded from the analyses.

Climate
Monthly climatic maps were intersected with the regions to
obtain average climatic conditions for each month and region.
We then defined an aridity index (AI) as the difference between
PET and AET, standardized by PET (Thornthwaite & Mather,
1957). This index reflects the evaporative demand not met by
available water and integrates both water and energy supplies,
which in turn are the climatic determinants of plant growth and
vegetation distribution (Stephenson, 1990). Furthermore, water
balance variables are better predictors of area burnt than temperature and precipitation (Littell & Gwozdz, 2011). This AI was
computed monthly for each region for the entire study period
(1968–2007; monthly AI) and for the average conditions of each
region (i.e. mean annual AI, considering the hydrological year
from October to September; Table S1). The latter was used to
define the aridity/productivity gradient across regions. The
advantages of this mean annual AI are that it is based on good
quality data, it integrates long-term mean conditions, and it is
independent of land use. The mean annual AI was correlated
with productivity indicators (FPP and AET) and with variables
related to fuel load/structure (Table 1). By contrast, this index
was uncorrelated (P = 0.858) with mean wind velocity during
the fire season, and thus any changes in fire activity along the
aridity gradient were not explained by wind patterns.

Fire season
Temporal fire–climate relationships were analysed only for the
months of June to September (hereafter, fire season), i.e. the
period during which most of the area annually affected by fire
burns, especially when considering lightning-fires only
(Table S2).

Thresholds
Preliminary analyses showed that, for all regions, the monthly
area burnt was higher for months with a high AI. Nevertheless,
these two variables were not linearly related, but rather the area
burnt increased sharply with monthly aridity beyond a threshold value (Fig. S1). To estimate this threshold, for each region we
sorted the monthly area burnt by the monthly AI and estimated
the breakpoint with the sequential F-test from the strucchange
library of the R package (Zeileis et al., 2002). The AI associated
with this breakpoint was considered to be the aridity threshold
(AT) beyond which a switch to flammable conditions occurs. To
ensure we cover a wide range of aridity and area burnt, our
estimation of the AT was conducted by including all fire season
months during all available years. For all regions, there was more
variability in area burnt between months (within each year)
than between years (Table S2); therefore, the risk of pseudoreplication was low.

Patterns along the aridity gradient
We describe the fire–climate relationship within each region (i.e.
at temporal scale) by means of the following variables: (a) the
AT for switching to flammable conditions (see above); (b) the
frequency of flammable conditions (i.e. months drier than the
AT), and (c) the anomaly in the area burnt under such conditions (standardized to the mean monthly area burnt for the
entire study period). We analysed the changes in these parameters along the aridity gradient by testing their relation to the
mean annual AI of each region. First, we tested whether the
aridity gradient explained the variability in the AT by means of
a linear regression analysis. The analysis was then repeated considering the fire season AI (i.e., the mean monthly AI during the
fire season months) as the explanatory variable to assess to what
extent the AT was similar to average conditions during the fire
season. To analyse changes in the frequency of flammable conditions along the aridity gradient, we used a generalized mixed
model (GLMM) with a binomial error distribution and logit
link function, which included the mean annual AI as a fixed
factor and year as a random factor (i.e. repeated measures analysis). Analogously, we used a linear mixed model with the mean
annual AI as a fixed factor and year as a random factor to assess
the variability of the standardised anomaly in the area burnt
(log-transformed) along the aridity gradient. The latter test was
conducted separately for months both drier and wetter than the
threshold. For mixed models, model fit and estimation of dispersion was conducted using an analysis of deviance, and
maximum likelihood for parameter estimation. The significance
of the contribution of the spatial aridity gradient on the variability of mixed models was calculated by comparing the null
model (including year as a random factor only) with an alternative one that incorporates the mean annual AI as an explanatory variable by means of a likelihood ratio test. All mixed
models were performed with the lme4 library of the R package
(Pinheiro & Bates, 2009). The AT and the anomaly in the area
burnt were also related to the indicators of fuel structure
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(Table 1) using a similar approach. All regressions were
weighted by one minus the P-value of the estimated AT to give
more weight to those regions for which this value was estimated
with less uncertainty. Preliminary tests without considering
weight provided the same results (not shown).
Spatial autocorrelation analysis
We assessed the spatial autocorrelation in all the studied variables by means of the Moran’s I autocorrelation index, with the
help of the ape library in the R software package (Paradis et al.,
2004). For each region, the spatial coordinates were computed as
the mean of the spatial centroid of each forest patch, weighted
by the corresponding patch area. As expected, most variables
were spatially autocorrelated (Table S5). Therefore, we estimated the Moran’s I of the residuals of each of the regressions
considered; for mixed models, we considered the mean of the
residuals (by region). In the case of spatially autocorrelated
residuals, the regression was repeated by means of a generalized
least squares model including a spatial correlation structure
(using the nlme library of the R software; Pinheiro & Bates,
2009). Gaussian, exponential, linear, rational quadratics and
spherical spatial correlation structures were tested, but only
those producing the lowest Akaike information criterion (AIC)
were used.
R E S U LT S
The relationship between monthly area burnt and monthly AI
showed a threshold pattern in the 13 Iberian regions (temporal
scale analysis; Fig. S1). This threshold was located at different
aridity levels depending on the environmental conditions of
each region (spatial scale analysis). Specifically, the AT was linearly related to the mean annual AI, in such a way that the drier
the region, the higher the AT (R2 = 0.95, F1,11 = 200.53, P < 0.001;
Moran’s index = -0.12, P = 0.458). Similarly, the AT was higher
for less productive regions, with lower fuel loads and connectivity (Table 1). The AT was also related to the fire season AI (i.e.
the mean monthly AI during the fire season months; Fig. 2). The
fact that the regression slope was significantly lower than 1
(Fig. 2) indicates that, in drier regions, the AT was closer to the
average climatic conditions during the fire season than in more
productive regions. In fact, the required change in the fire season
AI to attain flammable conditions (i.e. the difference between
the mean conditions during the fire season and the AT) was
negatively related to the mean annual AI (Pearson’s correlation
= -0.76, P = 0.003). That is, productive regions require a greater
reduction in moisture to become flammable (e.g. the change in
the AI required to reach flammable conditions in the wettest
region is twice the required change for the driest region). The
frequency of exceeding this threshold (i.e. the rate of switching
to flammable conditions) is also higher in dry environments
(Fig. 3a), in spite of their lower climatic variability (the standard
deviation of the AI during the fire season is negatively correlated
with the mean annual AI; Pearson’s correlation = -0.58, P =
0.038; Table S1, Fig. 2).
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Figure 2 Relationship between the fire season aridity index (i.e.
the mean monthly AI during the fire season months) and the
estimated aridity threshold (AT) above which area burnt increases
abruptly for 13 mediterranean regions located on the Iberian
Peninsula (see Fig. S1). The continuous line represents the fitted
linear regression [R2 = 0.95, F1,11 = 192.63, P < 0.001; confidence
interval for the estimated slope (0.62,0.85)]. The dashed line
represents the values for which the AI matches the AT (1:1 line).
Horizontal bars represent the inter-annual variability (SD) in AI.
The residuals of this regression were not spatially autocorrelated
(Moran’s index = -0.08, P = 0.955). The relationship is also highly
significant using the mean annual (regional) AI as an independent
variable (R2 = 0.95, F1,11 = 200.53, P < 0.001; Moran’s index =
-0.12, P = 0.458).

In the range of conditions tested, fire activity was negatively
related to the aridity of the region (the Pearson’s correlation
between mean annual AI and proportion of wildland area annually burnt was -0.58, P = 0.037), in such a way that productive
regions burnt more than arid regions. However, this negative
relation was not explained by the frequency of flammable conditions (see above; Fig. 3a), but by the total area burnt under
such conditions. That is, for dry months (drier than the AT), the
standardized anomaly in area burnt decreased along the aridity
gradient (closed symbols in Fig. 3b). This contrasts with the
absence of a pattern during wet periods (i.e. months wetter than
the AT; open symbols in Fig. 3b). Accordingly, the standardized
anomaly in area burnt during dry months increased with fuel
amount and connectivity (i.e. towards the mesic regions;
Table 1) suggesting that, in the studied part of the global aridity
gradient, fuel structure is a more relevant factor than the frequency of drought (Fig. 1).
DISCUSSION
Fuel structure and flammability have both been proposed as
alternative drivers of fire regimes (e.g., Minnich, 1983; Keeley
et al., 1999; Keeley & Zedler, 2009). Here we show evidence that
both drivers may act simultaneously, and not necessarily over
the same (temporal/spatial) scale. Under the range of conditions
analysed, climate shapes fire activity on a temporal scale by
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Figure 3 Fire–climate relationships along the aridity gradient of
the studied area (see Fig. 1 for their location on the global aridity
gradient). (a) Relationship between the regional (mean annual)
aridity index (AI) and the mean frequency of fire-prone months
[i.e. months drier than the aridity threshold (AT) during the
fire season]. The dashed line represents the fitted logistic mixed
model (c2 = 93.58, P < 0.001). The residuals were not spatially
autocorrelated (Moran’s index = -0.02; P = 0.291). (b)
Relationship between the regional AI and the anomaly in area
burnt (standardized to the mean area burnt during the fire
seasons) for months drier (closed symbols) and wetter (open
symbols) than the AT. The dashed line represents the fitted linear
mixed models (closed symbols: c2 = 20.56, P < 0.001; open
symbols: c2 = 0.14, P = 0.711). The residuals were not spatially
autocorrelated for wet months (Moran’s index = -0.05; P =
0.555), although they were for dry months (Moran’s index = 0.09;
P = 0.004). However, the results did not change (P < 0.001) when
the spatial structure was included in the model. See Table S7 for
further details on the results of the mixed models.

modifying fuel flammability (i.e. more fire during dry years) and
on a spatial scale by affecting fuel structure (i.e. more fire in
productive regions). That is, although dry conditions are necessary to achieve high flammability, changes in fire activity along
our aridity gradient are not controlled by the frequency of flammable conditions (they are negatively related; Fig. 3), but rather
by the fuel structure. The change in fire activity between dry (i.e.
flammable) and wet (non-flammable) months decreases along
the aridity gradient (Fig. 3b), indicating that the sensitivity of

fire activity to dry conditions increases with productivity. In
other words, switching to flammable conditions has a greater
effect on fire activity in productive systems than in dry ones.
These results suggest that our study area is located within the
fuel-limited section of the global aridity gradient (the right end
of Fig. 1). On the opposite end of the global gradient (highly
productive ecosystems; the left end of Fig. 1), fire activity should
be driven by the frequency of flammable conditions (i.e. months
drier than the AT); for instance, in tropical rain forests and
temperate ecosystems, fire is associated with infrequent severe
droughts (Cochrane, 2003; Westerling et al., 2011). Even over
the relatively short gradient considered in this study (Fig. 1), the
relative role of each fire driver changes spatially with regional
aridity: in mesic regions, fuel is less limiting and fire depends on
the occurrence of climatic conditions conducive to ignitability
and fire propagation (drought-driven fire regime; Fig. 3a); in
drier regions, in spite of the high frequency of flammable conditions, area burnt is low due to the low fuel load and connectivity (fuel-limited fire regime; Fig. 1).
On a temporal scale, fire and climate are not linearly related,
but there is a critical aridity level (i.e. the climatic threshold; AT)
above which fuels become highly flammable and area burnt
increases sharply (Fig. S1; see also Flannigan & Harrington,
1988 and Westerling & Bryant, 2008). This threshold acts as a
climatic switch for fire (sensu Bradstock, 2010), in such a way
that if the climatic conditions are drier than the threshold, the
climatic switch is turned ‘on’, and fire will occur depending on
the status (‘on/off’) of other switches, such as fuel availability
(load and connectivity). The AT is not universal, but rather
intrinsic to an ecosystem (i.e. to its landscape structure). This
ecosystem-dependent switch is analogous to the intra-specific
variations in the response to lethal thermal doses in a wide range
of organisms (e.g., Fangue et al., 2006; Sorte et al., 2011), including humans (Davis et al., 2003; García-Herrera et al., 2005). In
our study area, the drier the region, the higher the dryness level
needed for switching from non-flammable to flammable conditions (Fig. 2), suggesting that the AT is mediated by fuel. In
productive regions, an ignition may lead to a fire under conditions of relatively high moisture (compared to drier regions)
due to the high fuel load and connectivity. However, this does
not mean that these regions burn more frequently or require less
drought to burn, because their AT is further away from their
average conditions (Fig. 2) and is rarely exceeded (Fig. 3a). On
the contrary, in dry regions, wildfires are more fuel-limited, so
more extreme climatic conditions (higher aridity than in more
mesic regions) are needed for fires to spread successfully; but as
these extreme conditions are not far from average conditions,
dry regions become flammable more frequently than wetter
regions (Fig. 2, Fig. 3a).
The fact that the AT is intrinsic to the ecosystem emphasizes
the importance of landscape structure in determining fire–
climate relationships along the climatic gradient (spatial scale):
the climatic control of fire activity is exerted through fuel structure, because fuels are not only burnable resources, but they also
determine the climatic conditions that drive the switch to high
flammability (Table 1, Fig. 2). Fuel structure, which forms the

Global Ecology and Biogeography, 21, 1074–1082, © 2012 Blackwell Publishing Ltd

1079

J. G. Pausas and S. Paula
basis for different fire regimes (Pausas & Keeley, 2009), also
shapes the fire–climate relationship on a temporal scale. The
influence of antecedent climate on fire activity (through fuel
build-up) has been detected in regions where surface fires are
common (Kitzberger et al., 1997; Veblen et al., 1999; Grau &
Veblen, 2000; Littell et al., 2009; Archibald et al., 2010), and fire
depends on fast-growing fine fuels that are highly sensitive to a
single wet period. In ecosystems characterized by crown-fires
that burn slow-growing fuels, as is the case for our system, fire
activity should be less sensitive to precedent climate. Consequently, only exceptionally wet years may have an important
effect on fuel availability and only very long time-series will be
able to detect any significant effects of preceding climatic conditions on fire activity (e.g. Keeley, 2004; Pausas, 2004).
Global models predicting future wildfires under scenarios of
climatic change show high spatial variability, with increased,
decreased or even no changes in fire activity (Flannigan et al.,
2009). Increased fire activity is predicted in highly productive
regions (Scholze et al., 2006), where fires are currently limited by
the occurrence of flammable conditions (Fig. 1). Our results
provide the underlying mechanism for these findings, because
we found that the fire–climate relationship changes along the
productivity gradient and that wetter systems become flammable under wetter conditions compared with drier regions
(Fig. 2). In highly productive regions, a small reduction in moisture might not have a significant effect on productivity (i.e. a
decrease in fuel load and connectivity). However, if this small
climatic change increases the probability of exceeding the AT,
then it would have important fire impacts on the ecosystems –
impacts far greater than direct climatic effects (Littell et al.,
2010; Westerling et al., 2011). On the contrary, in lowproductivity regions, where fires are limited by fuels, aridification may exacerbate fuel limitations and thus fire activity will
decrease (Pausas & Bradstock, 2007). That is, fuel structure not
only plays a key role in shaping current fire regimes world-wide
(Pausas & Keeley, 2009), but it will also drive the direction of
future fire regimes. In fact, projections of global fire distribution
under future climate conditions differ depending on whether
shifts in vegetation tracking climate change are considered or
not (Krawchuk et al., 2009). However, vegetation shifts would
not only respond to direct climatic changes (e.g. Cramer et al.,
2001), but also to other global change factors. For instance,
elevated CO2, the spread of exotic plants and changes in decomposition rate all have the potential to change fuel structure and
thus fire regimes (D’Antonio & Vitousek, 1992; Bond et al.,
2003). Furthermore, negative feedbacks in fire–climate–
vegetation interplay can be expected under the climate change
scenario, since a shorter fire return would preclude fuel build-up
and ultimately diminish fire activity (Krawchuk & Cumming,
2011). That is, climate warming might shift some ecosystems
from drought-driven to fuel-limited systems.
Fuel structure does not depend exclusively on environmental
conditions (e.g. aridity/productivity); shifts in fire activity have
also been related to changes in land use (Guyette et al., 2002;
Marlon et al., 2008; Pausas & Fernández-Muñoz, 2012) and firesuppression policies (e.g. Minnich, 1983; Covington & Moore,
1080

1994). Gradual historical shifts in land use may produce abrupt
changes in fuel structure across landscapes, and thus in fire
activity (Pausas & Fernández-Muñoz, 2012). Therefore, the fire–
climate relationship changes not only spatially with fuel along
the aridity gradient but also temporally (and abruptly) in
response to different land uses and management practices. Consequently, in many ecosystems, landscape management may
have a stronger influence on future fire regimes than the direct
effects of climate change.
ACKNOWLEDGEMENTS
We thank Eloi Ribeiro for helping with the GIS analyses and the
Agencia Española de Meteorología (AEMET) for providing
meteorological data. This work has been developed under the
framework of the European CIRCE project (IP 036961) and the
Spanish projects GRACCIE (CONSOLIDER – Ingenio 2010
programme; CSD200-00067) and VIRRA (CGL2009-12048/
BOS). S.P. is currently supported by the project MECESUP AUS
0850. The Research and Development Direction of the Universidad Austral de Chile (DID-UACh) provided support for the
English correction. CEAM–UMH is supported by the Generalitat Valenciana and BANCAIXA. CIDE (Desertification Research
Centre) is a joint institute of the Spanish National Research
Council (CSIC), the University of Valencia and the Valencia
Autonomous Government.
REFERENCES
Allué, J.L. (1990) Atlas fitoclimático de España: taxonomías, edn.
Instituto Nacional de Investigaciones Agrarias – Ministerio de
Agricultura, Pesca y Alimentación, Madrid, Spain.
Archibald, S., Roy, D.P., Van Wilgen, B.W. & Scholes, R.J. (2009)
What limits fire? An examination of drivers of burnt area in
southern Africa. Global Change Biology, 15, 613–630.
Archibald, S., Nickless, A., Govender, N., Scholes, R.J. & Lehsten,
V. (2010) Climate and the inter-annual variability of fire in
southern Africa: a meta-analysis using long-term field data
and satellite-derived burnt area data. Global Ecology and Biogeography, 19, 794–809.
Blondel, J., Aronson, J., Bodiou, J.Y. & Boeuf, G. (2010) The
Mediterranean region: biological diversity in space and time,
2nd edn. Oxford University Press, New York.
Bond, J.W. & Scott, A.C. (2010) Fire and the spread of flowering
plants in the Cretaceous. New Phytologist, 188, 1137–1150.
Bond, W.J., Midgley, G.F. & Woodward, F.I. (2003) The importance of low atmospheric CO2 and fire in promoting the
spread of grasslands and savannas. Global Change Biology, 9,
973–982.
Bond, W.J., Woodward, F.I. & Midgley, G.F. (2005) The global
distribution of ecosystems in a world without fire. New Phytologist, 165, 525–538.
Bowman, D., Balch, J.K., Artaxo, P. et al. (2009) Fire in the earth
system. Science, 324, 481–484.
Bradstock, R.A. (2010) A biogeographic model of fire regimes in
Australia: current and future implications. Global Ecology and
Biogeography, 19, 145–158.

Global Ecology and Biogeography, 21, 1074–1082, © 2012 Blackwell Publishing Ltd

Fuel shapes the fire–climate relationship
Cochrane, M.A. (2003) Fire science for rainforests. Nature, 421,
913–919.
Covington, W.W. & Moore, M.M. (1994) Southwestern ponderosa forest structure: changes since Euro-American settlement. Journal of Forestry, 92, 39–47.
Cramer, W., Bondeau, A., Woodward, F.I., Prentice, I.C., Betts,
R.A., Brovkin, V., Cox, P.M., Fisher, V., Foley, J.A., Friend,
A.D., Kucharik, C., Lomas, M.R., Ramankutty, N., Sitch, S.,
Smith, B., White, A. & Young-Molling, C. (2001) Global
response of terrestrial ecosystem structure and function to
CO2 and climate change: results from six dynamic global vegetation models. Global Change Biology, 7, 357–373.
D’Antonio, C.M. & Vitousek, P.M. (1992) Biological invasions
by exotic grasses, the grass/fire cycle, and global change.
Annual Review of Ecology and Systematics, 23, 63–87.
Davis, R.E., Knappenberger, P.C., Novicoff, W.M. & Michaels,
P.J. (2003) Decadal changes in summer mortality in US cities.
International Journal of Biometeorology, 47, 166–175.
Duncan, B.W. & Schmalzer, P.A. (2004) Anthropogenic influences on potential fire spread in a pyrogenic ecosystem of
Florida, USA. Landscape Ecology, 19, 153–165.
Estrela Monreal, T., Cabezas Calvo-Rubio, F. & Estrada Lorenzo,
F. (1999) La evaluación de los recursos hídricos en el Libro
Blanco del Agua en España. Ingeniería del Agua, 6, 125–
138.
Fangue, N.A., Hofmeister, M. & Schulte, P.M. (2006) Intraspecific variation in thermal tolerance and heat shock protein
gene expression in common killifish, Fundulus heteroclitus.
Journal of Experimental Biology, 209, 2859–2872.
Flannigan, M.D. & Harrington, J.B. (1988) A study of the relation of meteorological variables to monthly provincial area
burned by wildfire in Canada (1953–80). Journal of Applied
Meteorology, 27, 441–452.
Flannigan, M.D., Krawchuk, M.A., De Groot, W.J., Wotton, B.M.
& Gowman, L.M. (2009) Implications of changing climate for
global wildland fire. International Journal of Wildland Fire, 18,
483–507.
Founda, D. & Giannakopoulos, C. (2009) The exceptionally hot
summer of 2007 in Athens, Greece – a typical summer in the
future climate? Global and Planetary Change, 67, 227–236.
García-Herrera, R., Díaz, J., Trigo, R.M. & Hernández, E. (2005)
Extreme summer temperatures in Iberia: health impacts and
associated synoptic conditions. Annales Geophysicae, 23, 239–
251.
Grau, H.R. & Veblen, T.T. (2000) Rainfall variability, fire and
vegetation dynamics in Neotropical montane ecosystems in
north-western Argentina. Journal of Biogeography, 27, 1107–
1121.
Guyette, R.P., Muzika, R.M. & Dey, D.C. (2002) Dynamics of an
anthropogenic fire regime. Ecosystems, 5, 472–486.
Keeley, J.E. (2004) Impact of antecedent climate on fire regimes
in coastal California. International Journal of Wildland Fire,
13, 173–182.
Keeley, J.E. & Zedler, P.H. (2009) Large, high-intensity fire
events in southern California shrublands: debunking the finegrain age patch model. Ecological Applications, 19, 69–94.

Keeley, J.E., Fotheringham, C.J. & Morais, M. (1999) Reexamining fire suppression impacts on brushland fire regimes.
Science, 284, 1829–1832.
Keeley, J.E., Bond, W.J., Bradstock, R.A., Pausas, J.G. & Rundel,
P.W. (2012) Fire in mediterranean ecosystems: ecology,
evolution and management. Cambridge University Press,
Cambridge.
Kitzberger, T., Veblen, T.T. & Villalba, R. (1997) Climatic influences on fire regimes along a rain forest to xeric woodland
gradient in northern Patagonia, Argentina. Journal of Biogeography, 24, 35–47.
Krawchuk, M. & Moritz, M. (2011) Constraints on global
fire activity vary across a resource gradient. Ecology, 92, 121–
132.
Krawchuk, M.A. & Cumming, S.G. (2011) Effects of biotic
feedback and harvest management on boreal forest fire
activity under climate change. Ecological Applications, 21, 122–
136.
Krawchuk, M.A., Moritz, M.A., Parisien, M.A., Van Dorn, J. &
Hayhoe, K. (2009) Global pyrogeography: the current and
future distribution of wildfire. PLoS ONE, 4, e5102.
Lavorel, S., Flannigan, M.D., Lambin, E.F. & Scholes, M.C.
(2007) Vulnerability of land systems to fire: interactions
among humans, climate, the atmosphere, and ecosystems.
Mitigation and Adaptation Strategies for Global Change, 12,
33–53.
Littell, J.S. & Gwozdz, R.B. (2011) Climatic water balance and
regional fire years in the Pacific Northwest, USA: linking
regional climate and fire at landscape scales. The landscape
ecology of fire (ed. by D. Mckenzie, C.M. Miller and D.A. Falk),
pp. 117–139. Ecological Studies 213, Springer Science + Business Media BV, New York, NY.
Littell, J.S., McKenzie, D., Peterson, D.L. & Westerling, A.L.
(2009) Climate and wildfire area burned in western US ecoprovinces, 1916–2003. Ecological Applications, 19, 1003–1021.
Littell, J.S., O’Neil, E.E., McKenzie, D., Hicke, J.A., Lutz, J.A.,
Norheim, R.A. & Elsner, M.M. (2010) Forest ecosystems, disturbance, and climatic change in Washington State, USA. Climatic Change, 102, 129–158.
McGarigal, K., Cushman, S.A., Neel, M.C. & Ene, E. (2002)
FRAGSTATS: spatial pattern analysis program for categorical
maps, Version 3.3. University of Massachusetts,Amherst.Available at: http://www.umass.edu/landeco/research/fragstats/
fragstats.html (accessed 3 September 2010).
Marlon, J.R., Bartlein, P.J., Carcaillet, C., Gavin, D.G., Harrison,
S.P., Higuera, P.E., Joos, F., Power, M.J. & Prentice, I.C. (2008)
Climate and human influences on global biomass burning
over the past two millennia. Nature Geoscience, 1, 697–702.
Minnich, R.A. (1983) Fire mosaics in southern California and
northern Baja California. Science, 219, 1287–1294.
Nunes De Lima, M.V. (2005) CORINE land cover updating for
the year 2000: IMAGE2000 and CLC2000. European
Commission-Joint Research Centre, Ispra.
Paradis, E., Claude, J. & Strimmer, K. (2004) APE: analyses of
phylogenetics and evolution in R language. Bioinformatics, 20,
289–290.

Global Ecology and Biogeography, 21, 1074–1082, © 2012 Blackwell Publishing Ltd

1081

J. G. Pausas and S. Paula
Pausas, J.G. (2004) Changes in fire and climate in the eastern
Iberian Peninsula (Mediterranean Basin). Climatic Change,
63, 337–350.
Pausas, J.G. & Bradstock, R.A. (2007) Fire persistence traits of
plants along a productivity and disturbance gradient in mediterranean shrublands of south-east Australia. Global Ecology
and Biogeography, 16, 330–340.
Pausas, J.G. & Fernández-Muñoz, S. (2012) Fire regime changes
in the western Mediterranean Basin: from fuel-limited to
drought-driven fire regime. Climatic Change, 110, 215–226.
Pausas, J.G. & Keeley, J.E. (2009) A burning story: the role of fire
in the history of life. BioScience, 59, 593–601.
Pausas, J.G., Llovet, J., Rodrigo, A. & Vallejo, R. (2008) Are
wildfires a disaster in the Mediterranean Basin? A review.
International Journal of Wildland Fire, 17, 713–723.
Pinheiro, J.C. & Bates, D.M. (2009) Mixed-effects models in S and
S-PLUS. Springer Verlag, New York.
Piñol, J., Terradas, J. & Lloret, F. (1998) Climate warming, wildfire hazard, and wildfire occurrence in coastal eastern Spain.
Climatic Change, 38, 345–357.
Rothermel, R.C. (1972) A mathematical model for predicting
fire spread in wildland fuels. USDA Forest Service Research
Paper INT-115. US Forest Service, Ogden, UT.
Sánchez Palomares, O. & Sánchez Serrano, F. (2000) Mapa de la
productividad forestal de España. Cartografía digital, 1st edn.
Dirección General de Conservación de la Naturaleza, Ministerio de Medio Ambiente, Madrid.
Scholze, M., Knorr, W., Arnell, N.W. & Prentice, I.C. (2006) A
climate-change risk analysis for world ecosystems. Proceedings
of the National Academy of Sciences USA, 103, 13116–13120.
Sorte, C.J.B., Jones, S.J. & Miller, L.P. (2011) Geographic variation in temperature tolerance as an indicator of potential
population responses to climate change. Journal of Experimental Marine Biology and Ecology, 400, 209–217.
Spessa, A., McBeth, B. & Prentice, C. (2005) Relationships
among fire frequency, rainfall and vegetation patterns in the
wet-dry tropics of northern Australia: an analysis based on
NOAA AVHRR data. Global Ecology and Biogeography, 14,
439–454.
Stephenson, N.L. (1990) Climatic control of vegetation distribution: the role of the water balance. The American Naturalist,
135, 649–670.
Thomas, P.H., Simms, D.L. & Wraight, H.G.H. (1964) Fire
spread in wooden cribs. Fire Research Note 573. UK Fire
Research Station, Borehamwood, UK.
Thornthwaite, C.W. & Mather, J.R. (1957) Instructions and
tables for computing potential evapotranspiration and the
water balance. Publications in Climatology, 10, 1–311.
Veblen, T.T., Kitzberger, T., Villalba, R. & Donnegan, J. (1999)
Fire history in northern Patagonia: the roles of humans and
climatic variation. Ecological Monographs, 69, 47–67.
Westerling, A.L. & Bryant, B.P. (2008) Climate change and wildfire in California. Climatic Change, 87, 231–249.
Westerling, A.L., Hidalgo, H.G., Cayan, D.R. & Swetnam, T.W.
(2006) Warming and earlier spring increase western US forest
wildfire activity. Science, 313, 940–943.
1082

Westerling, A.L., Turner, M.G., Smithwick, E.A.H., Romme,
W.H. & Ryan, M.G. (2011) Continued warming could transform Greater Yellowstone fire regimes by mid-21st century.
Proceedings of the National Academy of Sciences USA, 108,
13165–13170.
Zeileis, A., Leisch, F., Hornik, K. & Kleiber, C. (2002) Strucchange: an R package for testing for structural change in linear
regression models. Journal of Statistical Software, 7, 1–38.

S U P P O RT I N G I N F O R M AT I O N
Additional Supporting Information may be found in the online
version of this article:
Table S1 Climatic characteristics of the studied regions.
Table S2 Fire statistics for each of the studied regions.
Table S3 Climatic variability between and within regions.
Table S4 Tests for homogeneity comparing forest potential productivity and vegetation among regions.
Table S5 Spatial autocorrelation for the variables studied.
Table S6 Spatial autocorrelation of the residuals of the linear
regressions.
Table S7 Results of the mixed models.
Figure S1 Relation between monthly area burnt and monthly
aridity for each Iberian region.
As a service to our authors and readers, this journal provides
supporting information supplied by the authors. Such materials
are peer-reviewed and may be re-organized for online delivery,
but are not copy-edited or typeset. Technical support issues
arising from supporting information (other than missing files)
should be addressed to the authors.
BIOSKETCHES
Juli G. Pausas holds a PhD from the University of
Barcelona. Currently, he works as a research ecologist at
the Centro de Investigación sobre Desertificación of the
Spanish National Research Council in Valencia (CIDE,
CSIC), Spain. His research focuses on regeneration
ecology and vegetation dynamics in mediterranean and
fire-prone ecosystems, and specifically on the role of
fire in shaping species (e.g. fire-persistent traits),
communities (e.g. assembly processes) and landscapes.
Susana Paula is a University of Valencia graduate in
biology with a PhD from the University of Cádiz. She
currently works at the Instituto de Ciencias Ambientales
y Evolutivas at the Universidad Austral de Chile
(Valdivia, Chile). She is interested in the role of
disturbances (mainly fire) in shaping plant functional
traits, and their consequences at a community level.
Editor: Ian Wright

Global Ecology and Biogeography, 21, 1074–1082, © 2012 Blackwell Publishing Ltd

