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A Single-Channel Algorithm for Land-Surface
Temperature Retrieval From ASTER Data
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Abstract—This letter presents an adaptation to Advanced
Spaceborne Thermal Emission and Reflection Radiometer
(ASTER) data of the generalized single-channel (SC) algorithm
developed by Jiménez-Muñoz and Sobrino, also adapted to
the Landsat thermal-infrared (TIR) channel (band 6) later by
Jiménez-Muñoz et al. The SC algorithm relies on the concept of
atmospheric functions (AFs), which are dependent on atmospheric
transmissivity, upwelling, and downwelling atmospheric radiances. These AFs are fitted versus the atmospheric water–
vapor content for operational purposes, despite the fact that
other computation options are also possible. The SC algorithm
has been adapted to ASTER TIR bands 13 (10.659 μm) and
14 (11.289 μm), located in the typical split-window region
(10.5–12 μm), where transmission through the atmosphere is
higher and surface emissivity variations are lower in comparison
with the ones in the 8–9.4 μm spectral region. Land-surface
temperature retrieved with the SC algorithm has been tested over
five different samples (including vegetated plots and bare soil)
in an agricultural area using one single image. The comparison
with ground-truth data provided a bias near to zero and standard
deviations of around 2 K, with bands 13 and 14 providing similar
results.
Index Terms—Advanced Spaceborne Thermal Emission and
Reflection Radiometer (ASTER), land-surface temperature (LST),
single-channel (SC), thermal infrared (TIR).

I. I NTRODUCTION

T

HE ADVANCED Spaceborne Thermal Emission and Reflection Radiometer (ASTER) on the National Aeronautics and Space Administration’s Terra platform is the highest
spatial resolution (90 m) multispectral thermal-infrared (TIR)
imaging sensor currently available on a polar-orbiting spacecraft. The ASTER science team provides standard products of
both land-surface temperature (LST) and surface emissivities
(AST-08 and AST-05, respectively), retrieved with the temperature and emissivity separation (TES) algorithm [1], which are
available through the Eros Data Center [2]. TES products were
validated and found to perform within specification of ±0.015
for emissivity and ±1.5 K for LST. However, some inaccuracies
have been found over low spectral-contrast surfaces, as is the
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case with agricultural areas. These problems were expected
and pointed out in [1] and have been explicitly analyzed over
agricultural areas in [3] and [4]. Some modifications to the TES
processing chain have been proposed to partially avoid those
problems [5].
An alternative procedure to retrieve LST from ASTER data
was assessed in [6] by using split-window (SW) algorithms,
where input emissivities can be computed from the normalized
difference vegetation index (NDVI) [3]. Results from simulated
and ground-truth data provided similar errors to those ones
specified for TES products, although ASTER TIR bands are
not specially designed to work with such SW algorithms, and
uncertainties on LST retrievals are significantly sensitive to
uncertainties on input parameters (mainly, surface emissivities
and noise-equivalent delta temperatures).
This letter is oriented to scientific users interested on LST
retrieval: 1) but they are not familiar with TES implementation,
2) they have no access to the LST TES standard product
AST-08, or 3) they have found inaccuracies in that standard
product and want to retrieve LST with an alternative method,
which is not the SW algorithm mentioned in the previous
paragraph. For this purpose, we present a single-channel (SC)
algorithm that is easy to implement, which is based on the
algorithm developed by Jiménez-Muñoz and Sobrino (JM&S)
[7], and it has been adapted to ASTER data following the
procedure adopted for Landsat TIR data [8]. For more details,
the reader is referred to those references. In this letter, we will
provide the particular expressions needed to retrieve LST using
the proposed SC, hereinafter denoted as SCJM&S .
II. SC A LGORITHM
A. Theory
The SCJM&S algorithm retrieves LST (Ts ) using the following general equation:


1
Ts = γ (ψ1 Lsen + ψ2 ) + ψ3 + δ
(1)
ε
where ε is the surface emissivity, γ and δ are two parameters
dependent on the Planck’s function, and ψ1 , ψ2 , and ψ3 are
referred to as atmospheric functions (AFs) and given by
ψ1 =

1
τ

ψ2 = −L↓ −

L↑
τ

ψ3 = L↓

(2)

where τ is the atmospheric transmissivity, L↑ is the upwelling atmospheric radiance, and L↓ is the downwelling atmospheric radiance. All the previous magnitudes are spectral,
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TABLE I
R ADIATION C ONSTANTS U SED IN (3)

Parameters γ and δ, involved in (1), can be computed from
the following approximation [8]:
Fig. 1. Spectral-response functions for the five ASTER thermal bands, overlapped to a transmissivity spectrum for a midlatitude summer atmosphere.
Dashed line corresponds to the smoothed spectrum (with a bandpass of
1 μm), whereas black points show the effective transmissivity values for
ASTER bands.

i.e., dependent on the wavelength λ, but spectral notation will
be omitted for simplicity.

2
Tsen
K2 Lsen
T2
δ ≈ Tsen − sen
K2

γ≈

(4)

where Tsen is computed from (3) and K2 values are given in
Table I.
III. AFs

B. ASTER Thermal Bands
JM&S

algorithm is applied only to one TIR band.
The SC
Since ASTER has five different TIR bands, the optimal band
should be selected in order to apply the algorithm, although it
could be applied to any ASTER TIR band and, in fact, to any
thermal band of any sensor. It is expected that LST retrievals are
more accurate in the typical SW region between 10 and 12 μm,
where atmospheric transmission is higher and emissivity variations are lower in comparison with other atmospheric windows,
such as the one between 8 and 9 μm. Fig. 1 shows an example
of atmospheric transmissivity for a midlatitude summer atmosphere, in which a smoothed spectrum ASTER TIR spectral
response functions and effective transmissivity values for those
TIR bands are overlapped. Bands 12, 13, and 14 show the
highest atmospheric transmissivity. Since band 12 is located
around 9 μm, bands 13 and 14 are the optimal ones for LST
retrieval with the SC algorithm.
C. Gamma and Delta Parameters
When working with TIR data, it is common to convert atsensor registered radiances (Lsen ) into at-sensor brightness
temperatures (Tsen ). Although Lsen appears explicitly in (1),
Tsen is also needed to compute the γ and δ parameters, as will
be shown next. We will compute Tsen using inversion of the
Planck’s law and the concept of effective wavelength, i.e.,


Tsen =
ln

K2
K1
Lsen


+1

(3)

where K2 = c2 /λ and K1 = c1 /λ5 , with c1 and c2 as the
radiation constants, and λ is the effective wavelength. Fig. 1
shows values of effective λ, whereas values of K1 and K2 are
provided in Table I.

The AFs given by (2) can be computed from different ways:
1) directly from τ , L↑ and L↓ values, which can be obtained
from atmospheric soundings and radiative transfer codes
such as MODTRAN4 [9];
2) using empirical approaches with only one input parameter
such as the total atmospheric water-vapor content [7], [8];
3) using empirical approaches with two input parameters,
such as water vapor and air temperature [10];
4) from lookup tables [8].
Despite the fact that option 1) is a priori the optimal one, the
SCJM&S was originally developed with the purpose of using
minimal and more accessible input data; therefore, we will
focus, in this letter, with option 2).
AFs can be empirically obtained from second-order polynomial fits versus the atmospheric water-vapor content [7], [8]
⎤⎡ 2 ⎤
⎡ ⎤ ⎡
c11 c12 c13
w
ψ1
⎣ ψ2 ⎦ = ⎣ c21 c22 c23 ⎦ ⎣ w ⎦
(5)
ψ3
c31 c32 c33
1
where coefficients cij are obtained from simulated data constructed from atmospheric profiles included in different databases and MODTRAN4 radiative transfer code. Five different
atmospheric-profile databases were used in [8]. In this letter,
we focus on TIGR61 and STD66 databases as described in [8].
These databases have a reduced number of atmospheric cases,
thus reducing computing time on the simulation but are suitable
for global conditions. Table II shows the coefficients obtained
for these two databases and for ASTER TIR bands 13 and 14.
Since ASTER’s field of view is 8◦ , simulations were performed
only for nadir view angles.
IV. VALIDATION
The LST retrievals from the SC algorithm proposed in this
letter were tested against in situ measurements collected over
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TABLE II
C OEFFICIENTS FOR THE ATMOSPHERIC F UNCTIONS F OLLOWING M ATRIX
N OTATION IN (5). VALUES H AVE B EEN O BTAINED U SING D IFFERENT
ATMOSPHERIC S OUNDING DATABASES FOR ASTER BANDS 13 AND 14

five different plots (green grass, alfalfa, bare soil, and two plots
of corn) in an agricultural area in Spain (Barrax, 39◦ 3 N,
2◦ 6 W, 700 m), and using a single ASTER image acquired on
July 18, 2004. A detailed description of the ASTER data and
measurement procedure can be found in [4].
Four different LST retrieval procedures from the SC technique were considered:
1) Radiative transfer equation (RTE): direct inversion of
RTE using the local atmospheric sounding and MODTRAN to compute the atmospheric parameters τ , L↑ ,
and L↓ ;
2) SOUND: the SCJM&S algorithm, as described in this
letter, where the AFs are computed directly from (2) and
the parameters τ , L↑ , and L↓ , as in case 1);
3) STD66: the SCJM&S algorithm, as described in this letter, where AFs are computed from empirical approaches
[(5)] using coefficients obtained from STD66 database
(Table II);
4) TIGR61: same as case 3) but using TIGR61 database.
In cases 3) and 4), a w value of 1.74 g/cm2 was considered, which was extracted from the local atmospheric sounding
launched near the overpass time of ASTER.
In all cases, surface emissivity was retrieved using the NDVI
approach [3]. Results are provided in Table III for ASTER
band 13 and Table IV for ASTER band 14. It is observed
that ASTER band 13 provides slightly better results than
band 14, with rmse values below 2 K. Results obtained for
cases 1) and 2) are slightly better than the ones obtained for
cases 3) and 4), as is expected, but the improvements in the first
two cases are minimal thus showing that empirical approaches
with water vapor are also suitable for the LST retrieval. The
rmse differences between STD66 and TIGR61 are below 0.2 K
thus providing similar results. The highest differences were
obtained for the bare-soil plot, with values near to 3 K for
band 13 and around 4 K for band 14. These large differences can be attributed to the problem of the different scale
between the ASTER and in situ measurements, jointly with
the turbulence-induced temperature fluctuations, as discussed
in [4]. When the bare-soil plot is not considered in the test,
rmse values are below 1.5 K for band 13 and below 1.2 K for
band 12, thus, band 14 provides slightly better results in this

TABLE III
D IFFERENCE (Δ) B ETWEEN L AND -S URFACE T EMPERATURES R ETRIEVED
W ITH THE SC A LGORITHM A PPLIED TO ASTER BAND 13 AND THE
O NES M EASURED IN SITU (Tin situ , W ITH S TANDARD D EVIATION IN
B RACKETS ). T EST P LOTS A RE BARE S OIL (BS), G REEN G RASS (GG),
A LFALFA (A) AND T WO C ORN P LOTS (C1 AND C2). BIAS, STD,
AND RMSE VALUES O BTAINED W HEN BS P LOT I S NOT
C ONSIDERED A RE G IVEN IN B RACKETS

TABLE IV
S AME AS TABLE III, BUT FOR ASTER BAND 14

Fig. 2. Example of LST map retrieved with the SC algorithm applied to
ASTER band 13 using TIGR61 coefficients. On the right, an RGB composition
(bands 3, 2, 1) with validation plots marked and on the left, the LST map. Geographic coordinates for image center are 39◦ 3 33.10 N and 2◦ 6 5.23 W.

case. Fig. 2 shows an example of the LST map obtained with
the SC algorithm applied to band 13.
V. D ISCUSSION AND C ONCLUSION
TES algorithm [1] is preferred to retrieve LST and emissivity from ASTER data, since it makes use of the ASTER
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multispectral TIR characteristics, and it provides emissivity
estimations in a pixel-by-pixel basis by solving the RTE.
For this reason, TES emissivities are indicative of land-cover
changes, contrary to emissivities retrieved from NDVI approaches, which do not respond to changes in vegetationcanopy densities and to changes in the surface-soil properties
[11]. However, NDVI approaches provide better quality emissivity maps than TES over agricultural areas, where surfaces
have low spectral contrast and pixels are composed by a mixture
of soil and vegetation. These approaches are also easy to apply
for nonexperienced users, and they can be used as input to
other simple LST-retrieval algorithms such as SW or SC ones.
In this letter, we have presented an SC algorithm that can be
applied to any ASTER TIR band but preferably to ASTER
band 13 or 14. Comparison with ground-truth data provided
errors below 2 K when using band 13, although validations
were performed using only one single image but five different
plots. Despite being slightly worse, errors are on the same order
with the ones obtained with the SW algorithms [6] and TES
standard product [4] over the same area. Therefore, and despite
that, we encourage the use of the TES algorithm; the user has
an alternative to estimate surface emissivity using the NDVI
approach [3] and at least two alternatives to retrieve LST from
ASTER data: 1) the SW technique [6] and 2) the SC algorithm
presented in this letter. Note that the SW and SC algorithms can
be applied to other surfaces other than agricultural ones, such
as water, rocks, or even urban areas, but in these cases, input
emissivities should be estimated from different approaches
other than the NDVI ones.
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